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Abstract 

We examine the information content of Australian credit rating announcements by 

measuring the abnormal changes in the CDS spreads. It is argued that CDS spreads 

provide a direct view of credit quality and thus should impound information quickly when 

the reference entities receive new credit-related information via ratings events. Using event 

study methods, we show that in the Australian market, new information on credit quality 

contained in ratings is transmitted into spreads rapidly. Negative credit watch placements 

elicit statistically significant market reaction while there is no further reaction to 

subsequent downgrades suggesting they are already anticipated by the market.  
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1 Introduction 

Credit ratings issued by major rating agencies play a vital role in the financial market, 

particularly in the United States where regulations stipulate the rating of securities 

investable by banks, money market funds, insurance companies and other financial 

institutions (Creighton, Gower and Richards, 2007). While regulators have advocated 

regulatory roles for external credit ratings, some market commentators (for example, 

Rosenkranz, 2009) have opposed this reliance on agency credit ratings. Their criticisms on 

the timeliness and accuracy of credit ratings are not completely unfounded. For instance, 

Hill (2005) noted that the debt of Enron was still rated investment grade four days before 

bankruptcy. Since the collapses of Enron, WorldCom, and the ensuing criticisms in the 

2000s, the reputation of credit rating agencies was once again tarnished by the failure of 

highly rated structured instruments during the recent subprime crisis. While the recent 

debacle has provided fresh impetus for industry reform, concern over the value of agency 

ratings has never faded in the academic field. One of the many questions still being asked 

is – Do credit rating announcements provide new information to the public? As greater 

reliance is likely to be placed on external credit ratings, understanding the actual role credit 

rating actions play in the financial market is paramount.  

A wealth of literature has investigated the value of credit ratings through the impact of 

rating change announcements on security prices including Hand, Holthausen and Leftwich 

(1992) and Wansley, Glascock and Clauretie (1992) who examined the corporate bond 

market and Pinches and Singleton (1978) and Goh and Ederington (1993) who looked at 

the stock market. A comprehensive summary of prior literature is provided in Norden and 

Weber (2004).  

Despite extensive empirical research in the bond and equity markets, the results are 

thus far inconclusive. A number of factors may have contributed to this. Firstly, bond 

yields capture risks pertaining to particular issues and deriving bond spreads requires the 

choice of an appropriate risk-free benchmark (Ericsson, Jacobs and Oviedo, 2009). 

Secondly, Goh and Ederington (1993) have shown that spurious results can arise because 

rating changes have ambiguous implication to the stockholders. For instance when the 

management borrows to “gamble for redemption”, shareholders benefit at the expense of 



3 

 

bondholders. Early studies were also constrained by data availability and the use of 

varying measurement frequencies has made cross comparison of results difficult. Market 

liquidity is particularly an issue in the Australian bond market, as Creighton et al. (2007) 

have noted that the liquidity in the Australian corporate bond market is low, and daily 

bond prices are not widely available. 

Motivated by the drawbacks of bond and equity markets that are likely to impact the 

results of event studies, we investigate the information content of credit announcements 

using credit default swap (CDS) spreads. CDS spreads provide a clearer indication of the 

financial health of a firm compared to bonds and stocks. Firstly, they are already quoted as 

spreads1, avoiding the complication of adjustment by a benchmark risk-free rate faced by 

using bonds. Secondly, they are more liquid than bonds with the notional amount of debt 

covered by default swaps close to 30 trillion (BIS, 2009). The large scale entry of hedge 

funds has further enhanced the liquidity and the efficiency of the market (Mengle, 2007). 

Thirdly, since CDS only measure the probability of default, the implication of rating 

events to CDS contract holders should be more straightforward than that to the 

stockholders.   

We broadly follow the methodology of Hull, Predescu and White (2004) and Norden 

and Weber (2004) with make a number of extensions. We apply a statistical test put 

forward by Corrado (1989) that does not require the assumptions of normality or symmetry 

around the median, and with the exception of Steiner and Heinke (2001) has not been used 

by studies in this area. We also compare the information content of two conditional events, 

namely, actual rating changes conditional on prior credit watch placements and credit 

watch placements conditional on subsequent actions. Finally, unlike earlier studies that 

aggregate CDS spreads from various markets potentially combining price impacts from 

multiple markets and across different market regimes, we concentrate solely on Australian 

firms. Australian regulation relies less extensively on credit rating2, allowing us to measure 

                                                 
1 See Blanco, Brennan and Marsh (2005) for discussion on the equilibrium relationship between CDS and the    
bond yield spreads. 
2 The Australian Securities and Investments Commission (ASIC, 2008) states that “CRAs’ [credit rating 
agencies] ratings do not form part of any regulatory definitions (e.g. for cash management trusts); they are 
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the information content of ratings free from regulatory effects. To ensure robust results in 

this immature over-the-counter market, we implement a number of liquidity filters prior to 

the analysis. 

The remainder of the paper is organised as follows. Section 2 presents the literature 

and formulates testable hypotheses. Section 3 and 4 describes the data and the research 

design respectively. Section 5 presents and discusses the results. Section 6 concludes and 

offers areas of further research.  

2 Related literature and hypotheses  

2.1 Information content of rating announcements 

There are two opposing views with respect to the incremental information value of 

credit rating events. One view held by Ederington and Yawitz (1986) contends that rating 

agencies can gather and disseminate credit risk related information more efficiently than 

any individual investor. This is primarily due to the economies of scale and staff expertise. 

Danos, Holt and Imhoff (1984) also argue that credit analysts possess unique expertise and 

have the access to companies’ internal forecasts, enabling them to exercise professional 

judgments. Kliger and Sarig (2000) maintain that corporations pay to get rated because 

rating agencies can incorporate inside information into the ratings without the risk of 

exposing sensitive information to the public. In fact, in the US under the Securities 

Exchange Commission (SEC)’s Regulation Fair Disclosure, credit rating agencies are 

exempted from a selective disclosure restriction which prohibits disclosure of private 

information without disclosing the same information to the general public. As such, rating 

agencies can purportedly obtain private information and reveal new information through a 

rating announcement.  

The alternative view held by researchers such as Wakeman (1981) and Goh and 

Ederington (1993) questions the incremental information revealed by rating 

announcements. Wakeman (1981) maintains that credit ratings do not affect but simply 

                                                                                                                                                    
not mandatory in a prospectus for debt issues. Nor do they play a role in ASIC’s financial requirements 
policy for AFS licensees.” 
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mirror the market’s assessment of risk. The value of credit ratings rests solely on the rating 

agencies’ comparative advantage in gathering, analysing and summarising the data. 

Moreover, Micu, Remolona and Woodridge (2006) document that a majority of rating 

downgrades are related to previously released ‘stale’ information. This view is supported 

by early studies such as Kaplan and Urwitz (1979) who found that rating prediction 

models have a prediction accuracy as high as 70 percent. 

In light of the debate, we hypothesize that; if credit rating announcements contain 

incremental information, rating announcements should be accompanied by abnormal 

spread changes. Alternatively, if ratings are simply aggregates of existing information, 

then rating announcements will not contain any additional information and should have no 

impact on spreads. Formally, the first null hypothesis to be tested is: 

H1: Credit rating announcements have no impact on CDS spreads, and therefore 

convey no additional information.  

2.2 Information content of conditional rating events 

Perhaps in response to the criticisms on timeliness, rating agencies have introduced 

signalling mechanisms known as positive, negative or developing credit watches3 , to 

express opinion about an entity’s existing credit rating. A positive watch indicates an 

improvement in the entity’s condition and signals a possible upgrade, while a negative 

watch points to a possible downgrade. A developing watch placement implies that the 

potential direction of the impact is unclear. To resolve a watch, the rating agency can 

either change or affirm the rating. Rating changes can also occur without being signalled 

by credit watches.  

Wansley, Glascock and Clauretie (1992) hypothesize that if credit watches are 

regarded as precursors of credit rating changes, then change announcements preceded by 

credit watches should not surprise the market, and hence should trigger a smaller abnormal 

market reaction than change announcements without prior watches. We retest this 

                                                 
3 Precisely they are known as CreditWatch by S&P, Watchlist by Moody’s and Rating Watch by Fitch, 
respectively. In this study, we use a generic name, credit watch or watch.  



6 

 

hypothesis in the CDS market by conditioning upgrades and downgrades by prior credit 

watch placements. 

H2: The CDS market does not distinguish rating changes without prior watch 

placements from rating changes with prior watch placements.  

Next, similar to H2, we extend H1 by examining the information content of credit 

watch announcements conditional on subsequent actions. Elayan, Maris and Maris (1990) 

coined the term ‘false signal’ which describes directional credit watches (positive or 

negative) that are followed by rating actions other than the indicated direction of change. 

Since credit watch placements are designed to convey timely information that are 

unknown to the market at the time, we expect investors to place equal significance on 

credit watches regardless of their belief of the subsequent resolution. Alternatively 

investors may possess information to predict the likely resolution and hence only react to 

the ‘true signals’. Accordingly, the third hypothesis to be tested is:  

H3: The CDS market does not respond differently to credit watch placements 

conditional on subsequent change in the indicated direction and credit watch 

placements conditional on actions other than the indicated direction of change. 

2.3 Asymmetric market reaction 

Holthausen and Leftwich (1986) conjecture that rating agencies face an asymmetric 

loss function. In other words, the consequence of failing to downgrade a firm when it 

should be downgraded is far more severe than failing to upgrade a firm when it should be 

upgraded. Accordingly, as more resources are allocated to uncover negative information, 

negative rating events (downgrades and watch downs) should contain more information 

than positive events. In addition, Holthausen and Leftwich (1986) argue that since 

management tends to withhold bad news, negative announcements have a greater 

information value. 

Furthermore, CDS spreads are theoretically equivalent to bond yield spreads, and thus 

cannot fall below zero. It may be argued that for firms rated investment grade, the 
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downward movement of credit spread is bounded at zero while the potential for upward 

change due to negative news is unlimited. 

Lastly, researchers such as Dichev and Piotroski (2001) have suggested behavioural 

and information processing bias which could also result in asymmetric reaction to positive 

and negative news. In light of the arguments, we hypothesize the following: 

H4: The CDS market responds uniformly to positive and negative rating events.  

3 Data 

3.1 CDS data 

CDS dataset collected from Markit is made up of a panel of 30 Australian reference 

entities dating from 3 September 2004 to 13 August 2010, making up a total of 43000 

daily spreads.4 For each reference entity it contains the date, spread in basis points5, the 

maturity, and daily count of contributors. We include all firms that constitute the Markit 

iTraxx Australian series, as they are selected based on half-yearly liquidity polls submitted 

by the market makers and therefore offer the highest liquidity. Nevertheless, we conduct 

further liquidity checks in section 4 to ensure data quality. In line with previous research, 

we select contracts with five-year maturity because they are the most commonly traded 

contracts (Ericsson et al., 2009).  

3.2 Credit rating data 

Credit rating announcements made by Moody’s, Standard & Poor’s, and Fitch are 

obtained from Thomson Reuters. The data contains the announcement date in Sydney 

time, agency name, the type of rating (long-term issuer rating, short-term issuer rating, 

long-term debt rating and short-term debt rating), the rating action (upgrade, downgrade, 

watch up, watch down and affirmation) and the rating symbol.  

                                                 
4 We do not interpolate missing observations as per Hull et al. (2004) and Norden and Weber (2004). 
Missing observations are likely to be due to illiquidity whereas interpolation assumes prices change on days 
with missing observations. Instead, the gaps are replaced with the last available spread. A zero return can be 
interpreted as illiquid by our liquidity proxy described below. 
5 Markit collects bid and offers from licensed market makers and calculates the mid-point. 
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Although all rating agencies announcements are aggregated, contaminated events 

(overlapping event windows) are treated separately and discussed in more detail in section 

4. Implicitly, this assumes that the role and the importance of the three rating agencies as 

perceived by the market are similar, with identical information value placed on the 

announcement regardless of the disseminator. Furthermore, it is assumed that the 

information contained in single-notch or multiple-notch rating changes are similar. 

Although not ideal, there are only eight cases of multiple-notch rating change in the 

dataset, and thus we are unable to form sub-samples with multiple notches.  

Ratings can be assigned to corporate or specific issues. Issuer rating reflects the 

overall financial health of the issuer and its capacity to meet long-term debt obligation, 

whereas specific issue pertains to a specific debt obligation or bond. In our sample, 

however, some entities have specific issue ratings only. To alleviate the problem, we 

follow Hull et al. (2004) and select the type of rating that best reflects the issuers’ overall 

credit quality. The order in which the type of rating is considered is: long-term issuer 

rating, long-term debt rating, long-term local currency issuer rating and long-term local 

currency debt rating.6  

Table 3.1 Summary of Rating Events by Year 

The table shows the total number of rating events by type and year. For affirmation only, the figures in 
bracket indicate the number of affirmations that are resolutions to credit watches.  

Year Downgrade Upgrade Watch Down Watch Up Affirmation Total
2004 3 2 0 0 2(0) 7 
2005 4 3 5 1 21(1) 34 
2006 1 4 4 7 47(3) 63 
2007 7 13 9 3 41(3) 73 
2008 3 2 7 4 55(5) 71 
2009 6 4 7 2 40(3) 59 
2010 1 3 1 0 20(2) 25 
Total 25 31 33 17 226(17) 332 

Table 3.1 summarises the occurrence of each type of rating event for the thirty 

Australian firms. From 2004 to 2010, there have been a total of 332 rating announcements. 

There is a cluster of upgrades in 2007, when all major commercial banks’ ratings were 

                                                 
6 Local currency rating refers to the ability for Australian entities to repay obligations in Australian dollars. 
Foreign currency rating also takes into consideration the risk of converting into foreign currency.  
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upgraded around the same time. Negative announcements outnumber positive 

announcements in 2008 and 2009 probably as a result of the financial crisis. Note that the 

total number of affirmations exceeds the number of watch announcements. This is part of a 

normal review process whereby rating agencies review company conditions at regular 

intervals not just following significant economic events (Pinches and Singleton, 1978). 

Table 3.2 Credit Watch placements and resolutions 

Panel A shows the absolute number and the relative proportion of downgrade, upgrade and affirmation 
announcements conditional on credit watches. ‘With prior watch’ refers to rating changes that are preceded 
by credit watches indicating the same direction of change. Panel B shows the absolute number and the 
relative proportion of positive and negative credit watches conditional on subsequent actions. ‘On opposite 
watch’ refers to a credit watch that has been replaced by another credit watch of the opposite direction. 
‘Unresolved’ refers to watch announcements which are unresolved at the end of the sample period.  

Panel A: Rating changes conditional on prior watches 
 With prior watch  Without prior watch Total 

Downgrade 16 (64%)  9 (36%) 25 
Upgrade 15 (50%)  15 (50%) 30 
Affirmation 17 (8%)  208 (92%) 226 

Panel B: Rating watches conditional on subsequent action 

 Affirmed Downgraded Upgraded 
On opposite 

watch 
Unresolved Total 

Watch 
down 

14 (42%) 15 (45%) 0 (0%) 1 3 33 

Watch 
up 

3 (18%) 1 (6%) 12 (71%) 1 0 17 

Table 3.2 depicts credit watch placements and their resolutions. The shaded cells 

reveal that while downgrades are more likely to be preceded by a negative watch (panel 

A), negative watches do not necessarily result in downgrades (panel B). On the other hand, 

while it is equally likely for an upgrade to be preceded by a positive watch (panel A), most 

positive watches result in upgrades (panel B). This observation is consistent with the 

proposition that rating agencies pay more attention to negative developments in a 

company. As credit watches are designed to reflect short-term information, negative credit 

watches are issued more frequently but are more likely to be reversed. Further, since actual 

changes reflect a long-term view, many downgrades do not eventuate from negative 

watches. Conversely, perhaps due to the asymmetric loss functions, rating agencies are not 

overly concerned about issuing warnings of potential upgrades as soon as some positive 
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developments occur. As a result, positive watches are infrequent and most positive 

watches result in upgrades. 

Panel A of Table 3.3 displays the average number of days from the placement of a  

credit watch to its resolution. It can be seen that the decisions to downgrade are the fastest 

to resolve (on average less than 3 months), which may imply the priority rating agencies 

place on negative events. Decisions to upgrade take slightly longer, with an average of 95 

days. Finally, decisions to affirm are the longest to resolve, perhaps due to greater 

uncertainty and a prolonged development of events. Panel B shows the number of days 

between consecutive affirmation announcements without prior rating watches (days 

between the normal review cycles). On average, the normal review cycle is 6 months for 

Moody’s, 11 months for S&P and 9 months for Fitch. Interestingly, a comparison between 

the two panels reveals that while Fitch issues the most affirmations per firm through the 

normal review process, it issues the least number of credit watches.  

Table 3.3 Time to resolution 

Panel A shows the average number of days (including weekends and holidays) from the credit watch event to 
its resolution. N is the number of events. Panel B shows the number of days between consecutive affirmation 
announcements without prior rating watches (days between the normal rating cycles). A firm may be rated 
by multiple agencies. 

Panel A: Average number of days to resolution  

 
Affirmation 

(days) 
N 

(events) 
Downgrade 

(days) 
N 

(events) 
Upgrade 
(days) 

N 
(events) 

Fitch 115 2 98 3 205 1 
Moody’s 127 4 75 6 71 5 
S&P’s 132 11 95 6 97 6 
Average 132  88  95  
 

Panel B: Average number of days between normal reviews 
 Moody’s  S&P’s  Fitch 

Events 42  57  58 
Mean (days)  193   334   286 
Median (days)  136   301   259 
Maximum (days)  1126   1013   1075 
Minimum (days)  11   5   8 
Firms Rated 16  23  15 

Table 3.4 presents the transition matrix by pooling all announcements made by all 

three rating agencies using the modified rating categories of S&P. The main diagonal 
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captures credit watches, and the off-diagonal elements represent actual changes. It can be 

observed that there are only 8 cases of multiple-notch change. 

Finally, as the data for CDS quotes and credit ratings are published in different time 

zones, we need to ensure that the rating events can be precisely matched to the 

corresponding CDS spreads. Markit’s cut-off time for computing the Australian iTraxx 

index is 16:00 Tokyo time, which becomes 17:00 or 18:00 Sydney time depending on 

daylight savings. However, a portion of the rating data collected has no available time 

stamps. Therefore for these events, we make the assumption that rating announcements on 

a specific day are released before 17:00 Sydney time, which is sufficiently close to the 

close-of-business time in Sydney.  

Table 3.4 Transition matrix 

Rating events made by all three rating agencies aggregated and presented using the modified rating 
categories of S&P. The main diagonal elements represent credit watch announcements. Elements to the right 
of the main diagonal are rating downgrades while to the left of the diagonal are rating upgrades. 

 New rating 
Old rating AA+ AA AA- A+ A A- BBB+ BBB BBB- BB+ Total 

AA+            

AA 1          1 

AA- 4 5 5 3       17 

A+  2 1 8 3 1 1    16 

A    5 5 2     12 

A-     3 5 2    10 

BBB+      3 15 7   25 

BBB       5 9 5  19 

BBB-        2 3 1 6 
            

Total 5 7 6 16 11 11 23 18 8 1 106 
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4 Methodology 

4.1 Data filters 

We apply two layers of filters to the dataset to ensure sufficient liquidity remove any 

confounding effects. Firstly, we calculate the proportion of days in the event window with 

zero returns which is a liquidity measure put forward by Lesmond, Ogden and Trzcinka 

(1999). This measure is suitable for the present study because we have daily spreads as 

opposed to higher frequency order book data typically found in microstructure studies. 

Secondly, as mentioned previously, missing spreads due to no trading can be captured by 

this measure. To implement the filter, events with proportion of zeros exceeding 0.25 are 

eliminated.7 Events are also not considered if the spread on the announcement day is 

missing.  

Furthermore, to address the issue of noise caused by changes in number of 

contributors, the second liquidity criterion involves testing for correlation between changes 

in number of contributors with the changes in spreads. It is found that noisy observations 

are typically the result of a low number of contributors or incomplete information on 

contributors. Events with a high fluctuation of contributors are removed. Altogether, 26 

affirmations, 7 upgrades, 2 positive watches, 3 downgrades, and 6 negative watches are 

eliminated by the filters. 

The second layer of filtering removes observations that are contaminated. We adopt 

the contamination definition of Norden and Weber (2004), which are events announced by 

the same or multiple rating agencies with overlapping event windows. For example CSR 

Ltd was placed in ‘rating on watch down’ by S&P on 17/8/2009 and by Fitch on 

18/8/2009. Consequently both observations are eliminated from our sample.  

It may be argued that successive rating announcements by two or more rating agencies 

should imply some crucial developments of certain event, and hence should send out 

                                                 

7 We have conducted a sensitivity analysis on the cut-off value and find that 0.25 adequately removes illiquid 
series. Results are available upon request. Illiquid series are characterised by a low number of contributors 
and are mostly from year 2005.  
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stronger signals. The exclusion of these events could potentially underestimate the 

information value of rating announcements. However, the alternative option (i.e. inclusion 

of these events) creates substantial overlapping of event windows which invalidates the 

inferences. After filtering, the final sample contains 16 downgrades, 19 upgrades, 21 watch 

downs, 13 watch ups, and 131 affirmations.  

4.2 Measuring abnormal changes 

The event window is defined as 60 trading days before and 10 trading days after the 

event.8 The event window is further partitioned, into the announcement day (day 0) effect 

and five days immediately surrounding the event to allow for delayed or early reactions. 

To observe market anticipation, we construct two time intervals in the pre-announcement 

period, day -60 to -30 and day -30 to -1, respectively, in which the cumulative changes are 

calculated. Market anticipation is of interest not only because it has been widely 

documented, but it provides a benchmark for which the announcement day effect can be 

compared. A 10 day post-event period provides evidence of market efficiency by 

observing the speed of adjustment and whether the price adjustment is permanent or 

merely market overreaction to non-material information. 

In line with Norden and Weber (2004) and Hull et al. (2004), we employ a variant of 

the market-adjusted model to isolate idiosyncratic effects from broad market movements, 

whereas estimating regression coefficients of a standard market model is unfeasible given 

the length of our data. Therefore, the abnormal CDS market performance over the event 

window is calculated by: 

, , , , ,  

where: ASCi,t  ≡ adjusted spread change on day t for firm i 

Si,t   ≡ CDS spread of the event entity on day t for firm i 

Mi,t  ≡ spread of a market index on day t for firm i.  

                                                 

8 The choice of event window and partitioning closely follows Hull et al. (2004). Consistent with Micu et al. 
(2006), -60 days is chosen as rating agencies seek to act upon material information within three months.  
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The index is constructed from equally weighted CDS spreads of firms that have the 

same rating class as the event firm. This paper assigns two broad rating classes – class A, 

comprising AA and A rated firms (17 firms), and class B, comprising BBB rated firms (12 

firms).9  

A disadvantage of this absolute change measure as pointed out by Micu et al. (2006) 

is that it does not control for the differences in the level of spreads. However this is not a 

major caveat in the present case, as our sample consists only of CDS written on Australian 

investment-grade companies. Nevertheless, in order to check for the robustness of the 

results, we use an adjusted percentage change (APC) measure given by: 

, , ,, , ,,  

where Si,t and Mi,t are the spread and index for firm i at time t, respectively. The results 

presented in Appendix B are similar to the results in section 5. Finally, the ASCs (APCs) 

are summed through time to form the cumulative adjusted spread changes (CASCs) 

(cumulative adjusted percentage changes (CAPCs)).  

4.3 Statistical tests of significance 

Table 4.1 provides selected descriptive statistics of the final sample. It is evident that 

both ASCs and CASCs are mostly non-normal (rejected by the Anderson and Darling, 

(1952) test). Therefore, the normal distribution assumption underlying parametric tests is 

violated. In order to make valid inferences from the data, non-parametric statistics are used 

as they do not require specific assumptions about the population distribution and are 

suitable for small sample sizes. (Siegel, 1956, p.32)  

 

Table 4.1 Descriptive Statistics for ASCs and CASCs 

                                                 

9 One may question the appropriateness of the two market indices constructed in this paper. Due to a small 
number of observations in some rating classes, indices for finer ratings classes cannot be formed. Admittedly 
aggregating multiple rating classes into one index can only control for the average default risk across many 
ratings.  
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ASCs for the announcement day [0] and the CASCs for the interval [-1 to 1] are tabulated as they are the 
focus of this analysis. The null hypothesis for Anderson-Darling is normal distribution. ***and ** denote 
statistical significance at 1 percent and 5 percent respectively. 

ASCs for [0] Downgrade Watch down Upgrade Watch up  Affirmation
Mean 2.37 6.65 -0.90 -28.42 0.64 
Median 0.56 3.74 -0.74 0.02 -0.09 
Maximum 77.15 41.34 3.21 3.92 227.89 
Minimum -49.45 -21.86 -3.80 -318.31 -47.25 
Std. Dev. 24.24 14.15 1.56 88.11 21.14 
Skewness 1.33 0.5 0.54 -3.05 9.45 
Kurtosis 7.94 3.69 4.16 10.59 103.67 
Anderson-Darling 2.16*** 0.90** 0.51 3.61*** 30.85*** 
Observations 16 21 19 13 131 
      

CASCs for [-1, 1] Downgrade Watch down Upgrade Watch up  Affirmation
Mean 4.13 12.51 -2.75 -29.03 -1.55 
Median 1.55 5.00 -0.61 -0.13 -0.51 
Maximum 83.86 61.95 3.36 5.92 114.89 
Minimum -67.31 -16.98 -25.34 -280.84 -78.49 
Std. Dev. 28.32 18.62 6.38 78.24 15.25 
Skewness 0.44 1.20 -2.62 -2.85 2.22 
Kurtosis 7.35 4.07 9.52 9.70 32.57 
Anderson-Darling 2.23*** 1.14*** 3.05*** 3.00*** 14.94*** 
Observations 16 21 19 13 131 

We consider two non-parametric tests to provide comparison with existing literature. 

The first test is the Wilcoxon signed rank test (Wilcoxon, 1945). However, the test 

assumes a symmetrical population from which the samples are drawn (Gibbons, 1985) and 

so may not be well specified given the skewness of some adjusted spread changes. To 

address this problem, we adopt a second test that does not assume a symmetrical 

distribution – the rank test proposed by Corrado (1989) and modified by Corrado and 

Zivney (1992). Campbell and Wasley (1993) empirically found that the Corrado rank test 

provided more reliable inference than the standard parametric tests and non-parametric 

sign test for daily abnormal stock returns. The Corrado rank test is presented in Appendix 

A. 
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5 Results 

The results are presented in four stages. First, the hypothesis on the information 

content of unconditional rating events (H1) is examined. This is followed by discussion on 

the information content of conditional rating events (H2 and H3). Finally, the asymmetric 

market reaction hypothesis (H4) is tested.  

We acknowledge that a small market for the Australian CDS, together with infrequent 

rating announcements for investment grade firms remains a caveat for this research. 

Therefore, this study may not achieve the same power (rejecting the null hypothesis when 

the null should be rejected) and the robustness as a large sample study. However, 

strenuous effort has been made to include all observations from the inception of the iTraxx 

CDS index. In addition, given that the exact day of the event is known, using daily 

observations as opposed to weekly or monthly intervals can compensate for the loss of 

power. (Brown and Warner, 1980; Mackinlay, 1997). Due to the asymmetric distribution 

of data, we measure the central tendency by the median and report the t-test for 

comparison purposes only. Conclusions are drawn from non-parametric statistics. 

5.1 Information content of unconditional rating events 

H1 is tested by examining the abnormal CDS market reactions surrounding all five 

types of rating announcements, namely, upgrade, downgrade, watch up, watch down and 

affirmation. Table 5.1 displays the adjusted spread changes (ASCs) ten days around the 

announcement day as well as the cumulative adjusted spread changes (CASCs) over four 

time intervals covering 60 pre-announcement days and 10 post-announcement days. 

Probability values of the parametric and non-parametric statistical tests are also shown. 

Figures 5.1 and 5.2 plot the ASCs and CASCs respectively.  
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Table 5.1 Adjusted and cumulative adjusted CDS spread changes surrounding rating events 

Event 
Day 

Downgrade n=16  Watch Down n=21 

ASC 
bps 

Signed 
rank 

test p-val 

Rank 
test   

p-val 
t-test   
p-val 

 
ASC 
bps 

Signed 
rank 

test p-val 

Rank 
test     

p-val 
t-test   
p-val 

-5 0.244 0.227 0.156 0.266  0.264 0.017 0.475 0.089 
-4 -0.064 0.632 0.740 0.636  0.114 0.289 0.646 0.159 
-3 -0.255 0.977 0.884 0.919  0.554 0.030 0.669 0.070 
-2 0.051 0.688 0.740 0.826  0.158 0.404 0.773 0.163 
-1 0.041 0.243 0.156 0.659  -0.014 0.431 0.622 0.109 
0 0.564 0.183 0.027 0.350  3.743 0.006 0.002 0.022 
1 0.068 0.388 0.463 0.131  0.581 0.051 0.246 0.087 
2 -1.028 0.922 0.951 0.955  -0.098 0.610 0.754 0.546 
3 -0.187 0.688 0.643 0.882  0.179 0.202 0.574 0.089 
4 0.138 0.632 0.391 0.918  0.537 0.212 0.691 0.252 
5 -0.106 0.531 0.427 0.788  -0.069 0.289 0.669 0.338 
          

Period 
CASC 

bps 

Signed 
rank 

test p-val 

Rank 
test p-

val 
t-test   
p-val 

 
CASC 

bps 

Signed 
rank 

test p-val 

Rank 
test p-

val 
t-test   
p-val 

[-60,-30] 1.041 0.169 0.090 0.023  -0.988 0.687 0.634 0.714 
[-30,-1] 1.542 0.330 0.886 0.154  -0.511 0.377 0.728 0.158 
[-1, 1] 1.552 0.057 0.192 0.284  5.002 0.001 0.001 0.003 
[1, 10] -0.475 0.688 0.676 0.798  4.619 0.041 0.329 0.026 

          

 Affirmation n=131      

 
ASC 
bps 

Signed 
rank 

test p-val 

Rank 
test p-

val 
t-test   
p-val 

 

    
-5 -0.041 0.341 0.791 0.498      
-4 0.007 0.161 0.129 0.065      
-3 0.068 0.043 0.426 0.052      
-2 0.099 0.395 0.144 0.423      
-1 -0.164 0.029 0.263 0.484      
0 -0.095 0.050 0.178 0.730      
1 -0.093 0.196 0.373 0.402      
2 0.073 0.418 0.415 0.676      
3 0.019 0.621 0.719 0.636      
4 -0.073 0.697 0.791 0.251      
5 -0.118 0.011 0.288 0.198      
          

 
CASC 

bps 

Signed 
rank 

test p-val 

Rank 
test   

p-val 
t-test   
p-val 

 

    
[-60,-30] 0.338 0.136 0.175 0.050      
[-30,-1] 0.093 0.844 0.887 0.973      
[-1, 1] -0.509 0.009 0.002 0.246      
[1, 10] -0.247 0.484 0.086 0.355      
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Table 5.1 Cont.   
 Upgrade n=19  Watch Up n=13 

Event 
Day 

ASC 
bps 

Signed 
rank 

test p-val 

Rank 
test   

p-val 
t-test    
p-val 

 
ASC 
bps 

Signed 
rank 

test p-val 

Rank 
test  

p-val 
t-test   
p-val 

-5 0.081 0.678 0.728 0.175  -0.023 0.637 0.528 0.803 
-4 0.095 0.734 0.404 0.360  0.035 0.444 0.444 0.709 
-3 -0.045 0.381 0.404 0.318  0.150 0.735 0.665 0.454 
-2 0.094 0.956 0.686 0.765  0.058 0.265 0.444 0.082 
-1 0.135 0.898 0.970 0.443  0.532 0.953 0.840 0.253 
0 -0.742 0.004 0.030 0.011  0.016 0.390 0.197 0.134 
1 -0.260 0.056 0.233 0.021  -0.028 0.556 0.114 0.789 
2 -0.032 0.134 0.404 0.261  -0.037 0.201 0.197 0.176 
3 -0.158 0.162 0.404 0.196  0.082 0.663 0.361 0.545 
4 0.000 0.540 0.215 0.294  -0.216 0.312 0.310 0.785 
5 0.192 0.960 0.918 0.763  0.416 0.997 0.995 0.971 
          

Period 
CASC 

bps 

Signed 
rank 

test p-val 

Rank 
test p-

val 
t-test    
p-val 

 
CASC 

bps 

Signed 
rank 

test p-val 

Rank 
test p-

val 
t-test   
p-val 

[-60,-30] -1.227 0.111 0.707 0.125  1.116 0.779 0.600 0.703 
[-30,-1] -0.064 0.381 0.482 0.067  1.708 0.363 0.464 0.124 
[-1, 1] -0.612 0.004 0.120 0.038  -0.128 0.242 0.522 0.103 
[1, 10] -0.542 0.010 0.339 0.015  -0.488 0.288 0.327 0.515 

 

ASC and CASC are that the median daily adjusted and median cumulative adjusted spread changes over the 
specified time interval, respectively. The alternative hypotheses under the Wilcoxon signed rank test and the 
Corrado rank test are: median > 0 for downgrades and review for downgrades; median < 0 for upgrades and 
review for upgrades; and median ≠ 0 for affirmation. The t-test is based on the mean ASCs and CASCs, and 
thus the alternative hypotheses are mean > 0 for negative events, mean < 0 for positive events and mean ≠ 0 
for affirmation. The probability values associated with each test are reported.  

Focusing first on downgrade and watch down categories, the announcement day (day 

0) effect for watch down is the most pronounced with a 3.74 basis point increase and is 

significant at 1 percent level of significance according to the signed rank test and the rank 

test. This suggests that negative rating watches convey incremental information to the 

market. Actual downgrade is significant at 5 percent as indicated by the rank test, and the 

abnormal market performance is economically smaller, with only 0.564 bps increase. 

Moreover, the cumulative adjusted spread changes confirm that watch downs are 

associated with significant abnormal market performance which is indicative of their 

greater information content. The CASC is highly significant in the three days surrounding 

the watch down event, but the same cannot be observed for actual downgrade. The 

findings here are consistent with Hull et al. (2004) and Norden and Weber (2004), who 
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also documented stronger market reaction pertaining to negative watches but not actual 

downgrades. 

Figure 5.1 Adjusted spread changes of unconditional rating events 

 

Figure 5.2 Cumulative adjusted spread changes of unconditional rating events 
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The literature has provided ample evidence for market anticipation of rating 

downgrades. Consistent with the literature, table 5.1 and figure 5.2 compellingly show 

that CDS spreads steadily widen from 60 days before a rating reduction. The rank test  

rejects the null hypothesis for the interval [-60,-30] at 10 percent. In contrast, as one 

would expect, the market does not show signs of anticipating watch down placements. 

This is consistent with the conjecture that watch announcements are indicators of 

short-term or abrupt changes in a firm’s condition that may be less foreseeable by the 

public.  

As for the post-announcement period, rating downgrades show no sign of further 

adjustment. Watch downs however display a 4.6 basis point increase. This suggests 

that once the market is alerted by a negative watch placement, it immediately reacts to 

the announcement, but not by the full extent. The spreads adjust gradually in the 

subsequent days.  

Focusing on rating affirmations, it is surprising to observe that the null hypothesis 

of zero CASC during [-1,1] is strongly rejected. Nevertheless, the actual 

announcement day effect is marginally significant according to the signed rank test 

but economically negligible. Ideally, one would examine the effects of affirmations 

following a watch down, a watch up and no prior credit watch independently. 

However, we are constrained by the sample. 

For positive announcements, the sample of upgrades show statistically significant 

market reaction on the announcement day, though again the change of -0.74 basis 

points is economically insignificant. The CASC for the [-1,1] window tentatively 

supports the information value of rating upgrades. In contrast to downgrades, 

upgrades are not associated with any pre-announcement effects hence the market does 

not seem to anticipate upgrades. Furthermore, evidence for post-announcement effect 

is supported by the signed rank test, but refuted by the Corrado rank test. 

Economically, the market reaction is negligible. 

Interestingly, the CDS market appears to have responded negatively to watch ups. 

Spreads have notably widened during the announcement window when one would 

expect narrowing. However, the anomaly has been documented in several studies 



21 

 

involving S&P’s CreditWatch listings, which include Wansley and Clauretie (1985), 

Wansley et al.(1990) and Elayan et al. (1990). These authors posited that perhaps the 

market reacts negatively to all watch announcements. This research proposes another 

possible explanation for this anomaly. Conservatism, which is defined by Watts 

(2003) as “the difference in degree of verification required for gains versus losses”, 

maybe the cause. During a period of recession and market uncertainty, it is not 

unreasonable to assume that investors are sensitive to negative news while being 

sceptical of positive news. It follows that investors may not necessarily interpret 

potential upgrade (watch up) as real good news until verification by an actual 

upgrade. Moreover, conservatism may also help to explain the market’s dramatic 

reaction to potential downgrade (watch down) relative to an actual downgrade.  

In comparison to market impact of US and European ratings events (i.e. results of 

Hull et al. (2004), Norden and Weber (2004) and Micu et al. (2006)), we find 

Australian CDS spread changes on the announcement of negative ratings events to be 

roughly 2 basis points lower. This may be attributable to different market regimes 

and/or the different sampling periods. Whether the discrepancy between regulatory 

regimes still exists and is statistically significant will be an interesting area to explore 

in future research. 

5.2 Information content of conditional rating events 

Subsequently, we investigate whether the CDS market reacts differently to rating 

downgrades and upgrades conditional on prior watch placements (H2). We expect a 

stronger announcement day effect for ‘surprise’ rating changes without watch 

placements (hereafter surprise downgrades/ upgrades) than for rating changes as 

resolutions of credit watches (hereafter expected downgrades/ upgrades). 

Table 5.2 provides the ASCs, CASCs and the test statistics for each sub-sample. 

Firstly, comparing the two categories of downgrades, it is immediately evident that 

both the signed rank test and the rank test confirm the statistical significance of day 0 

effect for surprise downgrades. The adjusted spreads increase by 4.66 basis points, 

which is even higher than the 3.74 basis point change of watch down from table 5.1. 

By contrast, no abnormal performance can be observed for expected downgrades on 

day 0. This result is consistent with the hypothesis that rating downgrades subsequent 
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to negative watches do not convey new information as the market has learnt the 

information through the credit watch. Surprise downgrades on the other hand are 

confirmed to contain new information. 

Table 5.2 Rating Changes Conditional on Credit Watch 

The table shows the abnormal market performance for rating changes conditional on whether a prior 
watch placement was issued. CASC is the median cumulative adjusted spread changes for each 
observation. [0] represents ASC on the announcement day. The alternative hypotheses under the 
Wilcoxon signed rank test and the Corrado rank test are: median > 0 for downgrades; and median < 0 
for upgrades. Mann-Whitney U test is used to compare the medians of the two non-normal groups. The 
alternative hypothesis under Mann-Whitney U test is: Median 1 ≠ Median 2, where subsamples 1 and 2 
correspond to ‘with watch’ and ‘without watch’ respectively. 

Period 

Downgrade with watch n=12 Downgrade without watch n=4  

CASC 
bps 

Signed 
rank test 
p-value 

Rank 
test      

p-value

CASC 
bps 

Signed 
rank test 
p-value 

Rank test   
p-value 

Mann-
Whitney 
p-value 

[-60,-30] 6.881 0.085 0.209 -5.809 0.708 0.473 0.362 
[-30,-1] 3.619 0.054 0.592 -24.102 0.899 0.775 0.060 
[-1,1] 0.105 0.748 0.909 9.104 0.101 0.033 0.101 
[1,10] 0.137 0.748 0.603 -2.197 0.819 0.331 0.855 

[0] -2.138 0.946 0.934 4.657 0.050 0.003 0.012 
 

Period 

Upgrade with watch n=11 Upgrade without watch n=8  

CASC 
bps 

Signed 
rank test    
p-value 

Rank 
test      

p-value

CASC 
bps 

Signed 
rank test 
p-value 

Rank test   
p-value 

Mann-
Whitney 
p-value 

[-60,-30] -1.936 0.015 0.186 1.138 0.528 0.982 0.201 
[-30,-1] 1.186 0.867 0.890 -1.164 0.040 0.035 0.091 
[-1,1] -0.599 0.012 0.283 -0.787 0.092 0.108 0.901 
[1,10] -0.732 0.015 0.329 -0.298 0.147 0.571 0.592 
[0] -0.816 0.015 0.010 -0.713 0.071 0.029 0.901 

Also notable is that the signed rank test indicates marginally significant market 

anticipation for expected downgrades. On the other hand, no anticipation is found for 

the surprise downgrade subsample. This makes intuitive sense in that watch 

placements are a signal of potential rating change, but with some degree of 

uncertainty. Thus investors adjust expectations following the watch placement as 

information become available well before the actual rating change. Conversely, 

without credit watches, the market may be completely unaware of the changes in a 

firm’s credit quality until the actual downgrade occurs. Consequently, no anticipation 

is evident in the surprise downgrade subsample.  
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To further substantiate that the market performs differently in the two 

subsamples, this section employs a non-parametric Mann-Whitney U test (Mann and 

Whitney, 1947) to test whether the medians of two sub-samples are significantly 

different from each other. Its p-values are presented in the last column of table 5.2. It 

shows that the difference between the two subsamples on the announcement day is 

significant at 5 percent.  Furthermore, for the period [-30,-1], the difference between 

the medians are significant at 10 percent. Figure 5.3 plots the daily cumulative 

adjusted spread changes for the two subsamples and the aggregated sample. The 

adjusted spreads for expected downgrade have widened to 30 basis points by day 0, 

while for surprise downgrades, the CASC fluctuates around zero.  

The results for downgrades presented here are in sharp contrast to Wansley et al. 

(1992), who found that all downgrades, regardless of being expected or arrive at a 

surprise, contain information. Results from this research however support the theory 

that for negative events at least, credit watches are regarded as precursors of credit 

rating changes which convey information to the public.  

The reaction to positive events is nonetheless consistent with Wansley et al. 

(1992). There are neither economically nor statistically significant spread changes to 

suggest that surprise upgrades and expected upgrades contain new information. 

Interestingly, some anticipation for surprise upgrades appear in the [-30, -1] interval, 

and anticipation of expected upgrades in the [-60, -30] interval. In any event, as 

shown clearly in figure 5.4 that upgrades are not substantial carriers of information 

regardless of whether expected or not. 
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Figure 5.3  

CASC – Conditional Downgrade 

 

Figure 5.4  

CASC – Conditional Upgrade 

 

Figure5.3 compares the cumulative adjusted spread changes of rating downgrades categorised into 
surprise downgrades (without prior watch) and expected downgrades (with prior watch) Figure5.4 
compares the cumulative adjusted spread changes of surprise upgrades to expected upgrades. Full 
sample refers to the aggregated sample as shown in figure5.2. 
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Following Elayan et al. (1990), we next test H3 by examining the reaction of the 

CDS market to watch announcements conditional on subsequent actions. Theory 

suggests that the market reaction to watch announcements conditional on subsequent 

affirmation should be smaller than those conditional on subsequent change. Due to 

insufficient sample size for watch ups, only watch downs are examined. 

The results in table 5.3 show that the announcement day effect is of the expected 

direction and is statistically significant regardless of the subsequent action. Although 

the magnitude is slightly bigger for watch downs with subsequent downgrade, Mann-

Whitney U test indicates that there is no difference between the two sub-samples. 

Consistent with the aggregated sample (table 5.1), no market anticipation is 

observable for watch downs, but there is some evidence of post-announcement 

adjustment. The results are different to both Wansley and Clauretie (1985) and Elayan 

et al. (1990). Wansley and Clauretie (1985) found that the bond market is able to 

distinguish true signals from false signal by reacting only to negative watches with 

subsequent rating reductions. In contrast, Elayan et al. (1990) found that the stock 

market reacted significantly to false signals, yet no reaction was observed for true 

signals. We show that there is significant market reaction to both types of signals. 

Table 5.3 Downgrade review conditional on subsequent action 

CASC is the median cumulative adjusted spread change for each observation. [0] represents ASC on 
the announcement day. The alternative hypothesis under the Wilcoxon signed rank test and the Corrado 
rank test is median > 0. The alternative hypothesis under Mann-Whitney U test is: Median 1 ≠ Median 
2, where subsamples 1 and 2 correspond to affirmation and change respectively. 

 Subsequently affirmed n=12  Subsequently downgraded n=8  

Period 

CASC 
bps 

Signed 
rank test  
p-value 

Rank 
test        
p-value  

CASC 
bps 

Signed 
rank test  
p-value 

Rank 
test      

p-value 

Mann-
Whitney  
p-value 

[-60,-30] 2.721 0.637 0.482  -0.446 0.453 0.601 0.847 
[-30,-1] 0.621 0.417 0.636  -2.152 0.333 0.806 0.969 
[-1,1] 3.594 0.071 0.040  7.780 0.002 0.001 0.671 
[1,10] 1.847 0.007 0.727  7.073 0.362 0.075 0.335 

[0] 2.189 0.071 0.001  5.072 0.019 0.003 0.616 

An implication of the results is that, the CDS market has treated all watch down 

announcements equally. This may be because of the increasingly important role watch 

listings play in the financial market since the study of Wansley and Clauretie (1985) 

and Elayan et al. (1990). The market therefore regards all negative watches as timely 

sources of new information. Moreover, investor conservatism especially during a 
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credit crisis might have caused investors to be more cautious and take all negative 

announcements seriously. 

Figure 5.5  

CASC – Review Down 

 

The above graph compares the cumulative adjusted spread changes of negative watch placements 
categorized into watch downs followed by affirmation and watch downs followed by rating reduction.  

5.3 Asymmetric information content of rating announcements 

Using the results from the above analyses (table 5.1 and 5.2), we can make 

conclusions regarding the asymmetric market response (H4) hypothesis. As shown by 

table 5.1, there is pronounced abnormal reaction on the announcement day for 

negative credit watches, yet no spread adjustments can be observed around 

announcement for positive credit watches. In addition, the cumulative adjusted spread 

changes support the hypothesis that more information is contained in negative credit 

watches. In fact, the market has treated watch ups as negative news. On the other 

hand, the announcement day effect for downgrade is slightly less than that of 

upgrades (0.564 and -0.742 respectively from table 5.1). This is likely to be the result 

of a greater information dissemination role played by negative credit watches, so that 

the market no longer sees actual downgrades as significant informational events. 

However, considering the overall market reaction to negative news through the 
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cumulative spread changes for downgrades and upgrades, the market clearly responds 

more significantly to negative events. In summary, the evidence for asymmetric 

reaction to positive and negative rating announcements is mixed; while the difference 

between credit watches is compelling, it is less so for actual rating changes. 

6 Conclusion 

Despite extensive empirical research examining the information content of credit 

rating changes, the results are thus far inconclusive. Motivated by the drawbacks in 

the bond and equity markets, we set out to obtain additional evidence regarding the 

information content of credit rating announcements from the market for Australian 

credit default swaps. The CDS market provides a practical alternative setting to 

undertake the analysis as it avoids a number of complications from the use of bonds 

and stocks. Moreover, this study has also contributed to a growing body of literature 

on the CDS market, which has experienced spectacular growth in the last two 

decades.  

Notwithstanding the caveats of data imperfections, we believe that the analysis 

has essentially captured the CDS market reactions surrounding public releases of 

credit rating actions made by the major rating agencies. Future studies can no doubt 

benefit from larger sample sizes and may be able to obtain better statistical 

significance in the reported results. 

From our results it is evident that negative credit watches are the main source of 

information regarding a firm’s credit quality given their most pronounced 

announcement day effect. Furthermore, in the case of downgrades with prior watches 

(expected downgrades), this study shows significant market anticipation long before 

the announcement but no further response at the announcement day. This evidence 

supports the importance of negative credit watches as perceived by the market relative 

to actual downgrades. It could be argued that, as credit watches are versatile (since 

they can be withdrawn or reversed without the same consequence as actual changes) 
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and are issued more and more frequently10, credit watches may have replaced actual 

rating changes as the main information dissemination tool for rating agencies. This 

function is indeed consistent with the initial role given to credit watches. Consistent 

with earlier works on credit ratings, we find negligible market reaction for positive 

rating events. Surprisingly, positive credit watches are perceived by the market as 

negative news, possibly due to a mix of behavioural effects. 

As stated earlier, the use of ratings in regulation differ across economies. In 

addition, the extent of rating triggers incorporated into debt contracts also vary across 

markets. For example, Creighton et al. (2007) noted that in 2002, only 15 percent of 

large Australian firms had rating triggers written into debt contracts. As such, one 

would expect the market impact of ratings events to vary under different market 

regimes. Further work could be directed at examining whether and how market 

regulations can influence the price impact in the CDS market. Additionally, future 

work along the same lines should be wary of the effect regulatory framework may 

have on the results of event studies.  

 

 

 

 

 

 

 

 

 

                                                 
10 As documented by Chung, Frost and Kim (2008), the frequency of watch action relative to rating 
actions by Moody’s has increased from 28.2% in 1992-1996 to 47.3% in 2002-2005. Further, it can be 
seen from table 5.1 that the proportion of watch placement is 47% in our sample. 



29 

 

7 References 

Anderson, Theodore Wilbur, and Donald A. Darling, 1952, Asymptotic Theory of 
Certain "Goodness of Fit" Criteria Based on Stochastic Processes, The Annals of 
Mathematical Statistics 23, 193-212. 

BIS, 2009, Detailed Tables on Semiannual Otc Derivatives Statistics at End-
December 2009, http://www.bis.org/statistics/derdetailed.htm, 13/6/2010 

Blanco, Robert, Simon Brennan, and Ian Marsh, 2005, An Empirical Analysis of the 
Dynamic Relation between Investment-Grade Bonds and Credit Default Swaps, 
The Journal of Finance 60, 2255-2281. 

Brown, Stephen, and Jerold Warner, 1980, Measuring Security Price Performance, 
Journal of Financial Economics 8, 205-258. 

Campbell, Cynthia, and Charles Wasley, 1993, Measuring Securities Price 
Performance Using Daily Nasdaq Returns, Journal of Financial Economics 33, 
73-92. 

Chung, Kee H., Carol Ann Frost, and Myungsun Kim, 2008,Characteristics and 
Information Value of Credit Watches Working paper  

Corrado, Charles, 1989, A Nonparametric Test for Abnormal Security-Price 
Performance in Event Studies, Journal of Financial Economics 23, 385-395. 

Corrado, Charles, and Terry Zivney, 1992, The Specification and Power of the Sign 
Test in Event Study Hypothesis Tests Using Daily Stock Returns, Journal of 
Financial and Quantitative Analysis 27, 465-478. 

Creighton, Adam, Luke Gower, and Anthony J. Richards, 2007, The Impact of Rating 
Changes in Australian Financial Markets, Pacific-Basin Finance Journal 15, 1-
17. 

Danos, Paul, Doris Holt, and Eugene Imhoff Jr., 1984, Bond Raters' Use of 
Management Financial Forecasts: Experiment in Expert Judgment, The 
Accounting Review 59, 547-573. 

Dichev, Ilia, and Joseph Piotroski, 2001, The Long-Run Stock Returns Following 
Bond Ratings Changes, The Journal of Finance 56, 173-203. 

Ederington, Louis, and J Yawitz, 1986, The Bond Rating Process, in Edward Altman, 
ed.: Handbook of Financial Markets and Institutions (John Wiley and Sons, New 
York). 

Elayan, Fayez, Brian Maris, and Jo-Mae Maris, 1990, Common Stock Response to 
False Signals from Creditwatch Placement, Quarterly Journal of Business and 
Economics 29, 16-35. 

Ericsson, Jan, Kris Jacobs, and Rodolfo Oviedo, 2009, The Determinants of Credit 
Default Swap Premia, Journal of Financial and Quantitative Analysis 44, 109-
132. 

Gibbons, Jean Dickinson, 1985. Nonparametric Statistical Inference (Marcel Dekker, 
Inc, New York). 

Goh, Jeremy, and Louis Ederington, 1993, Is a Bond Rating Downgrade Bad News, 
Good News, or No News for Stockholders?, The Journal of Finance 48, 2001-
2008. 

Hand, John R. M., Robert W. Holthausen, and Richard W. Leftwich, 1992, The Effect 
of Bond Rating Agency Announcements on Bond and Stock Prices, The Journal 
of Finance 47, 733. 

Hill, Claire A., 2005, Regulating the Rating Agencies, Washington University Law 
Quarterly 82. 



30 

 

Holthausen, Robert, and Richard Leftwich, 1986, The Effect of Bond Rating Changes 
on Common Stock Prices, Journal of Financial and Economics 17, 57-89. 

Hull, John, Mirela Predescu, and Alan White, 2004, The Relationship between Credit 
Default Swap Spreads, Bond Yields, and Credit Rating Announcements, Journal 
of Banking & Finance 28, 2789-2811. 

Kaplan, Robert S., and Gabriel Urwitz, 1979, Statistical Models of Bond Ratings: A 
Methodological Inquiry, The Journal of Business 52, 231. 

Kliger, Doron, and Oded Sarig, 2000, The Information Value of Bond Ratings, The 
Journal of Finance 55, 2879. 

Lesmond, D, J Ogden, and C Trzcinka, 1999, A New Estimate of Transaction Costs, 
Review of Financial Studies 12, 1113-1141. 

Mackinlay, Craig, 1997, Event Studies in Economics and Finance, Journal of 
Economic Literature 35, 13-39. 

Mann, H. B., and D. R. Whitney, 1947, On a Test of Whether One of Two Random 
Variables Is Stochastically Larger Than the Other, The Annals of Mathematical 
Statistics 18, 50-60. 

Mengle, David, 2007, Credit Derivatives: An Overview, Economic Review. 
Micu, Marian, Eli Remolona, and Philip Woodridge, 2006,The Price Impact of Rating 

Announcements: Which Announcements Matter?, Working paper Bank for 
International Settlements 

Norden, Lars, and Martin Weber, 2004, Informational Efficiency of Credit Default 
Swap and Stock Markets: The Impact of Credit Rating Announcements, Journal 
of Banking & Finance 28, 2813-2843. 

Pinches, George, and Clay Singleton, 1978, The Adjustment of Stock Prices to Bond 
Rating Changes, The Journal of Finance 33, 29-44. 

Rosenkranz, Robert, 2009, Let's Write the Rating Agencies out of Our Law, The Wall 
Street Journal. 

Siegel, Sidney, 1956. Nonparametric Statistics for the Behavioral Sciences (McGraw-
Hill Book Company). 

Steiner, Manfred, and Volker Heinke, 2001, Event Study Concerning International 
Bond Price Effects of Credit Rating Actions, International Journal of Finance & 
Economics 6, 139. 

Wakeman, MacDonald, 1981, The Real Function of Bond Rating Agencies, Chase 
Financial Quarterly 1, 18-26. 

Wansley, James, and Terrence Clauretie, 1985, The Impact of Credit Watch 
Placement on Equity Returns and Bond Prices, Journal of Financial Research 8, 
31-42. 

Wansley, James W., Fayez A. Elayan, and Brian A. Maris, 1990, Preferred Stock 
Returns, Creditwatch, and Preferred Stock Rating Changes, The Financial Review 
25, 265. 

Wansley, James W., John L. Glascock, and Terence M. Clauretie, 1992, Institutional 
Bond Pricing and Information Arrival: The Case of Bond Rating Changes, 
Journal of Business Finance & Accounting 19, 733. 

Watts, Ross L., 2003, Conservatism in Accounting Part I: Explanations and 
Implications, Accounting Horizons 17, 207-221. 

Wilcoxon, Frank, 1945, Individual Comparisons by Ranking Methods, Biometrics 
Bulletin 1, 80-83. 

 
  



31 

 

Appendix A 

 

The test statistic for Corrado rank test Tc is expressed as: 

1 0.5 /  

Where            

 / 1    

 ∑ ∑ 0.5  

M ≡ number of non-missing returns for securities i 

Kit  ≡ ranking of the ASCs/CASCs with the smallest number ranked first 

N  ≡ number of securities 

T  ≡ length of the event window  

Using the same notation as Tc, the test statistic for the cumulative measure is 

shown by Campbell and Wasley (1993) as: 

∑ 1 ∑ 0.5
∑ 1 ∑ 1 ∑ 0.5  

 

The null distribution of the rank test is standard normal.  
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Appendix B Table B.1 – Robustness test using APC 
 

vent 
Day 

Downgrade n=16 Watch Down n=21 

APC 

Signed 
rank 

test p-val 
Rank test  

p-val 
t-test    
p-val 

 

APC 

Signed 
rank 

test p-val 

Rank 
test p-

val 
t-test   
p-val 

-5 -0.13% 0.312 0.260 0.130  0.74% 0.009 0.479 0.048 
-4 -0.19% 0.958 0.957 0.987  0.61% 0.093 0.459 0.068 
-3 -0.31% 0.958 0.824 0.933  0.46% 0.192 0.698 0.193 
-2 -0.10% 0.670 0.443 0.743  -0.51% 0.458 0.698 0.128 
-1 -0.08% 0.312 0.284 0.204  0.00% 0.390 0.716 0.226 
0 0.71% 0.057 0.050 0.078  3.75% 0.002 0.002 0.010 
1 0.26% 0.294 0.284 0.231  0.69% 0.051 0.378 0.059 
2 -0.36% 0.922 0.950 0.970  -0.48% 0.649 0.698 0.733 
3 -0.16% 0.612 0.640 0.730  0.10% 0.212 0.582 0.116 
4 0.38% 0.408 0.308 0.591  1.43% 0.133 0.459 0.294 
5 -0.08% 0.227 0.284 0.582  -0.20% 0.542 0.873 0.148 

          

Period CAPC 

Signed 
rank 

test p-val 
Rank test  

p-val 
t-test    
p-val 

 

CAPC 

Signed 
rank 

test p-val 

Rank 
test  

p-val 
t-test   
p-val 

[-60,-30] 6.56% 0.057 0.304 0.074  -1.78% 0.417 0.486 0.252 
[-30,-1] 7.14% 0.070 0.770 0.247  -1.47% 0.610 0.827 0.269 
[-1, 1] 1.08% 0.011 0.224 0.037  8.28% 0.000 0.000 0.003 
[1, 10] 1.68% 0.294 0.469 0.424  2.27% 0.269 0.379 0.183 

       

 Affirmation n=131      

 APC 

Signed 
rank 

test p-val 
Rank test 

p-val 
t-test    
p-val 

 

    
-5 -0.17% 0.182 0.443 0.186      
-4 0.06% 0.189 0.082 0.068      
-3 0.27% 0.376 0.481 0.214      
-2 0.16% 0.327 0.199 0.982      
-1 -0.14% 0.410 0.950 0.842      
0 -0.22% 0.052 0.141 0.561      
1 -0.23% 0.062 0.272 0.786      
2 0.10% 0.608 0.481 0.242      
3 -0.06% 0.601 0.709 0.495      
4 -0.09% 0.567 0.709 0.791      
5 -0.24% 0.049 0.300 0.096      
          

 CAPC 

Signed 
rank 

test p-val 
Rank test 

p-val 
t-test    
p-val 

 

    
[-60,-30] 3.87% 0.008 0.136 0.005      
[-30,-1] -0.59% 0.418 0.791 0.185      
[-1, 1] -0.98% 0.063 0.009 0.835      
[1, 10] -0.36% 0.720 0.092 0.730      
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Table B.1 Cont.   
 Upgrade n=19  Watch Up n=13 

Event 
Day APC 

Signed 
rank 

test p-val 
Rank test 

p-val 
t-test    
p-val 

 

APC 

Signed 
rank 

test p-val 

Rank 
test p-

val 
t-test   
p-val 

-5 0.17% 0.707 0.709 0.832  0.03% 0.663 0.650 0.765 
-4 0.32% 0.734 0.463 0.566  0.18% 0.444 0.304 0.148 
-3 -0.27% 0.172 0.427 0.113  1.01% 0.818 0.760 0.877 
-2 0.48% 0.905 0.782 0.879  0.56% 0.610 0.576 0.460 
-1 0.93% 0.911 0.915 0.827  1.46% 0.929 0.847 0.594 
0 -1.21% 0.003 0.017 0.011  -0.73% 0.092 0.153 0.095 
1 -1.78% 0.013 0.092 0.010  -1.77% 0.081 0.079 0.051 
2 -0.67% 0.089 0.340 0.118  -0.47% 0.104 0.185 0.362 
3 -0.31% 0.216 0.500 0.187  0.25% 0.390 0.261 0.178 
4 0.01% 0.603 0.537 0.713  -0.14% 0.390 0.500 0.532 
5 0.56% 0.987 0.908 0.680  1.86% 0.982 0.985 0.973 
          

Period CAPC 

Signed 
rank 

test p-val 
Rank test 

p-val 
t-test    
p-val 

 

CAPC 

Signed 
rank 

test p-val 

Rank 
test p-

val 
t-test    
p-val 

[-60, -30] -1.63% 0.517 0.698 0.730  5.38% 0.919 0.810 0.922 
[-30,-1] -2.72% 0.216 0.460 0.250  2.21% 0.472 0.270 0.354 
[-1, 1] -4.66% 0.001 0.032 0.000  -2.00% 0.040 0.167 0.071 
[1, 10] -0.15% 0.172 0.464 0.352  -5.73% 0.288 0.306 0.205 
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Appendix C 

7.1 How does a CDS work? 

CDS is economically like an insurance policy. However unlike insurance 

policies, buyers of a CDS do not need to own the underlying asset.  

Figure A.1 illustrates the mechanism of CDS. The protection buyer pays 

quarterly premiums to the protection seller until a credit event11 or the maturity, 

whichever is earlier. The premium or spread is agreed by both parties at inception and 

will remain fixed. The protection seller on the other hand makes a payment to the 

buyer only when the reference entity has defaulted. In the event of default by the 

reference entity, there are two methods of settling a CDS contract. Under physical 

settlement, the protection seller acquires the underlying security from the protection 

buyer at its par value. Under a cash settlement, the protection seller pays the notional 

amount less the recoverable value or the market value of the security. Because the 

market value of defaulted security is not easily known, physical settlement tends to be 

more common. CDS are unfunded credit derivatives, meaning that neither cash nor 

underlying assets need to be exchanged when the contract is initiated. Therefore the 

market value of CDS at inception is theoretically zero.  

Figure A.1 

A Credit Default Swap Transaction 

 

                                                 

11 According to the ISDA, predefined credit events include: bankruptcy, failure to pay, 
obligation acceleration, repudiation, and restructuring. 

Protection 
buyer 

Protection 
seller 

Payment if 
default 

Reference 
entity 


